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Note: Totals in figures and tables throughout this eBook may not add up to 100% due to rounding or organizations choosing more than one answer to select questions.

Research Objectives
As organizations race to develop generative AI solutions to enable data-driven decision-making, create unique customer 
experiences, improve efficiencies, and build competitive advantages, the importance of data readiness has become increasingly 
evident. The need to prepare and manage enterprise data effectively for generative AI has placed a sharp focus on data quality, 
governance, and bias. These factors are now shaping how and when organizations bring their generative AI solutions to life.

This research highlights a clear demand for generative AI driven by the fear of missing out. This is set against the backdrop of 
data readiness influencing the pace of adoption.

To gain further insight into these trends, TechTarget’s Enterprise Strategy Group surveyed 385 IT and data professionals at 
organizations in North America (US and Canada) involved with or responsible for the data governance and AI technologies, 
processes, and programs used to manage their organization’s data.

This study sought to: 

Assess the maturity level of organizations’ plans to bring 
generative AI applications to market, and explore the balance 
of delivering quickly versus assuming a moderate pace.

Explore how organizations think about data readiness in areas 
such as data quality, governance, AI tools, and integration.

Understand how data teams assess their current data in 
preparation for developing generative AI applications.

Determine where readiness gaps exist and the types of 
vendors organizations want to utilize to build the data 
foundation for their generative AI applications. 
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AI technology adoption is growing quickly as organizations look to boost efficiency and develop new capabilities. With 46% 
expanding their AI use, 21% fully embedding AI, and 12% piloting projects, there’s potential for technology providers to support 
both mature adopters and those in early evaluation phases, in turn shaping diverse product strategies.

AI Adoption Trends Highlight Opportunities for Growth

Current level of AI maturity.

21+79+T21%

AI is fully embedded in our 
culture and operations

46+54+T46%

We are expanding AI 
more broadly across the 

business and/or satisfying 
more use cases

21+79+T21%

We are implementing initial 
AI solutions in specific 

business areas to support 
individual use cases

12+88+T12%

We are conducting pilot 
projects to evaluate AI’s 
potential effectiveness
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Number of sources used to collect data daily.

24%
50 to 99

240+760=
4%
Fewer than 50

40+960=
37%
100 to 249

370+630=
27%
250 to 499

270+730=
8%
500 or more

80+920=

Most organizations collect data from 100 to 499 sources daily, reflecting increasingly complex data ecosystems. 
This sprawl of data sources will ramp up the need to streamline and optimize data ingestion and analysis as 
organizations grow, likely with tools such as scalable data management and integration solutions that address the 
challenges of volume, diversity, and real-time processing.

Data Collection Complexity Highlights Scalability Needs
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Most organizations anticipate increasing their spending on data readiness for AI over the next year. These investments 
will run in parallel to those targeted for AI initiatives, which also continue to rise. AI investments provide a solid return on 
investment only if reliable, secure, and relevant data is fed into AI models.

Spending Is Rising for Products and Services Supporting Data Readiness

Extent of spending change in the next 12 months for products and services supporting data readiness for AI.

64%
Increase 
somewhat

640
+360

=

30%
Increase  
significantly

300
+700

=

5%
No change

50+950
=

1%
Decrease 
somewhat

10+990
=

0%
Decrease 
significantly

00+1000
=



Data Quality Forms  
the Foundation of Data Readiness
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Impact of data quality on success of AI initiatives.

With nearly three-quarters of organizations rating the impact of data quality as critical or very high for AI success, it’s clear that teams prioritize accuracy and effectiveness in AI 
initiatives. The emphasis on data quality will in turn increase the focus on data validation, cleansing, and enrichment to enhance AI outcomes. Improving data quality directly impacts 
model performance and strategic results.

Data Quality Widely Recognized as a Key Driver for AI Success

23%

51%

22%

4%
0% 0%

Critical: Data quality is the most
important factor in the success

of our AI initiatives

Very high: Data quality impacts
the accuracy and effectiveness

of our AI models

High: Data quality plays a major
role in the overall success of
our AI initiatives, but other

factors contribute

Moderate: Data quality is just
one of several key factors

influencing the success of our
AI efforts

Low: We can achieve results
with imperfect data, but it

requires more effort in model
tuning and adjustments

Minimal: Our AI models are
designed to handle various

quality levels
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Organizations primarily use metrics such as 
operational efficiency, KPI improvements, 
and ROI from AI initiatives to evaluate 
success. Revenue growth and cost savings 
from automation are also important. 

Interestingly, market share and competitive 
edge are less prioritized. These will likely 
grow in importance as AI becomes more 
widely implemented and organizations can 
better define competitive advantage within 
the AI technologies they use.

Measuring AI’s Business 
Impact Takes Many Forms

Business metrics used to measure AI initiative success.

57%
Increase in operational 
efficiency

570+430=

51%
Cost savings achieved 
through automation

510+490=

52%
Improvement in key 
performance indicators

520+480=

49%
Customer retention rates 
and satisfaction scores

490+510=

52%
Revenue growth attributed 
to AI-driven solutions

520+480=

36%
Market share growth or 
competitive advantage gained

360+640=

52%
Return on investments 
from AI projects

520+480=
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Impact of data readiness initiatives on metrics.

Data readiness initiatives have significantly improved operational and customer metrics such as response times, satisfaction scores, and developer productivity. Anticipating customer 
needs and delivering personalized experiences have also seen marked benefits. Overall, it’s clear that AI is having a positive impact in organizations.

Impact of Data Readiness Initiatives Shows Impressive Progress

Significantly improved Somewhat worseSomewhat improved Significantly worseNo change We don’t track this metric

26%

31%

31%

32%

33%

34%

35%

36%

36%

49%

43%

43%

48%

45%

44%

46%

42%

43%

18%

18%

19%

15%

16%

16%

14%

17%

15%

4%

6%

5%

2%

3%

3%

4%

4%

3%

2%, 1%

2%

1%, 1%

3%, 1%

3%

2%, 1%

1%

1%

2%

Engagement rates with marketing campaigns

Customer complaints and service issues

Customer loyalty and repeat business

Anticipating customer needs

Sales and profits

Personalized customer experiences

Developer productivity

Customer satisfaction feedback scores

Response times to customer inquiries

0% 20% 40% 60% 80% 100%

Impact of data readiness initiatives on metrics.
Significantly improved Somewhat improved No change Somewhat worse Significantly worse We don’t track this metric



Data Governance and Compliance  
Are Crucial to Data Readiness
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AI tools and cloud provider solutions are commonly used for data lineage management, reflecting a reliance on advanced and scalable systems for transparency and compliance of 
data. However, lower adoption of metadata management and annotation tools indicates room for improvement in data tracking. Integrated platforms and tools that combine lineage 
tracking with enhanced metadata capabilities to support end-to-end data governance may be needed.

Data Lineage Tools Highlight Transparency Efforts

Tools and methods used to track data lineage for AI model transparency and compliance.

30%

33%

34%

34%

35%

36%

37%

43%

46%

47%

48%

57%

Annotation and tagging

Third-party tools

Manual tracking

Custom, internally built tools

Integrated platform

Metadata management

Audit trails and version control

Data lakes and warehouses with built-in lineage tracking

Collaborative management between data and compliance teams

Automated tools

Cloud provider-supplied tools

AI tools

Tools and methods used to track data lineage for AI model transparency and compliance.
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The top issues caused by failed data governance 
for AI initiatives are data breaches and deployment 
delays, underscoring the importance of robust 
governance to protect data and ensure timely 
execution. Difficulty scaling AI and reduced 
model transparency highlight barriers to effective 
implementation. The need is clear for increasingly 
scalable and comprehensive data governance and 
security platforms to support data for AI and foster 
success.

Poor Data Governance for 
AI Initiatives Causes Data 
Breaches, Among Other 
Impacts

Critical impacts on AI initiatives due to failed governance and compliance.

19%

21%

25%

26%

26%

26%

27%

28%

33%

39%

Failure to meet industry standards

Loss of competitive advantage

Regulatory fines and legal penalties

Increased costs to remediate violations

Loss of customer trust and reputational damage

Inaccurate AI model outputs leading to poor
decision-making

Reduced model transparency

Difficulty scaling AI initiatives

Delays in AI project deployment

Data breaches and unauthorized access to
sensitive information

Critical impacts on AI initiatives due to failed governance and compliance.
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Strong agreement is apparent in terms of having 
designated teams, regular audits, and consistent 
policy enforcement for AI initiative data governance. 
This reflects a solid commitment to governance. 
However, there may still be opportunities for more 
comprehensive automated enforcement, streamlined 
audits, and oversight to bolster compliance reliability 
and operational efficiency, especially given that 
~41% only agree and do not strongly agree with the 
installment of these safeguards. 

Governance Structure Supports 
AI Compliance

Agreement level with statements pertaining to data governance.

Strongly agree DisagreeAgree Neither agree nor disagree

47%

49%

50%

41%

42%

40%

10%

9%

8%

1%

1%

Our governance policies are consistently enforced

We regularly audit our data governance practices
for improvement

A designated team is responsible for data
governance and compliance for AI initiatives

0% 20% 40% 60% 80% 100%

Agreement level with statements pertaining to data governance.

Strongly agree Agree Neither agree nor disagree Disagree



Organizations Focus on Data 
Integration and Interoperability
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Integration status of data sources used in AI and analytics initiatives.

59%
Mostly integrated 
(i.e., minor gaps or 
inconsistencies)

590+410=
23%
Fully integrated (i.e., 
seamless data flow 
across all systems)

230+770=
17%
Partially integrated (i.e., 
requires significant 
manual intervention)

170+830=
1%
Minimally integrated 
(i.e., most systems 
operate independently)

10+990=
0%
Not integrated at all (i.e., 
data sources are siloed)

000+1000=

While more than half of organizations report mostly integrated data, only less than a quarter have fully seamless 
systems, indicating significant room for improvement. Organizations continue to seek ways to close integration 
gaps and reduce manual intervention, which would help in the transition toward fully unified data ecosystems to 
optimize AI and analytics performance.

Data Integration for AI Needs Improvement
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Organizations tend to indicate they can easily 
share data but are less confident when it comes 
to supporting seamless integrations, and there are 
apparent issues with data silos and isolated data 
sets. This indicates that quickly accessing data for 
AI projects may be a challenge for organizations, 
and more automated integration tools and improved 
interoperability are needed for data use, including 
within AI and analytic workloads. 

Data Integration and Operability 
Evolve, but Work Remains

Agreement level with statements regarding data integration and interoperability.

Strongly agree Disagree Strongly disagreeAgree Neutral

34%

41%

47%

44%

45%

41%

17%

12%

10%

4%

1%

2%

1%We have minimal issues with data silos or
isolated data sets

Our systems support seamless integration
of data across platforms

We can easily share and access data
across departments

0% 20% 40% 60% 80% 100%

Agreement level with statements regarding data integration and interoperability.

Strongly agree Agree Neutral Disagree Strongly disagree



Data Quality and Integrity Are  
Critical Requirements
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Processes or technologies used to ensure data accuracy and integrity for AI usage.

Automated validation and governance frameworks 
lead the way in ensuring data quality, reflecting 
a preference for scalable, consistent processes. 
However, reliance on manual reviews suggests 
inefficiencies in some workflows where advanced 
automation and even AI-driven quality assurance 
to enhance efficiency and reduce manual 
dependency could help.

Ensuring Data Accuracy for AI

45%

46%

52%

56%

56%

58%

Manual review of data quality by subject
matter experts

Reliance on data sources themselves to
ensure accuracy

Data cleansing and preprocessing
pipelines to remove errors

Regular data audits and quality
assessments by dedicated teams

Data governance framework to enforce
quality standards

Automated data validation checks before
AI usage

Processes or technologies used to ensure data accuracy and integrity for AI usage.
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Factors affecting data readiness.

58%
Data integration

580+420=
68%
Data quality

680+320=
56%
Data validity

560+440=

54%
Data accessibility

540+460=
54%
Real-time data availability

540+460=
50%
Data governance

500+500=

44%
Data diversity

440+560=
50%
Data observability

500+500=
31%
Organizational culture 
and skill

310+690=

The emphasis on data quality highlights its critical 
role in driving AI readiness, whereby data quality 
is foundational for reliable analytics and decision-
making. Lower prioritization of organizational 
culture and skill sets suggests a gap in workforce 
readiness and a need for training and cultural 
transformation. Real-time data availability and 
governance also reflect strong needs.

Prioritizing Data Quality and 
Integration for Readiness



Data Security and Ethical Considerations 
Present Ongoing Challenges
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Key strategies to address data bias in AI initiatives include transparency, ethical guidelines, and diverse training data, each at 
nearly equal priority today. This indicates a balanced approach to fairness and accountability. However, lower adoption of bias 
detection tools suggests a lack of awareness and potential market gaps in this area.

Effectively Addressing AI Bias Requires Transparency and Guidelines

Methods used to address concerns around data bias in AI initiatives.

35%

35%

36%

36%

40%

46%

47%

47%

48%

Bias detection tools and algorithms

Expanded volume of data used in modeling

Addition of third-party data to internal data for diversity

Opinions of stakeholders from diverse backgrounds in
development process

Feedback loops to continuously improve model fairness

Regular bias audits of data sets and models

Diverse and representative training data to reduce bias

Guidelines for ethical AI use and model evaluation

Transparency in model decisions and data sources

Methods used to address concerns around data bias in AI initiatives.
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Regular audits and employee training 
are the most common strategies to 
ensure the security of data used in 
AI models, highlighting a proactive 
approach to threat mitigation. 
However, lower adoption of encryption 
and anonymization show possible 
gaps in advanced data protection. 
Organizations will increasingly seek 
technologies that support integrated 
security, encryption, access controls, 
and automated compliance tracking.

Strengthening Security 
for Data Used in AI

Methods used to ensure security of data used in AI models.

56%
Regular security audits and 
vulnerability assessments

560+440=

51%
Access control measures

510+490=

55%
Training employees on data 
security best practices

550+450=

49%
Encryption for data at 
rest and in transit

490+510=

53%
Monitoring and logging 
data access for suspicious 
activities

530+470=

47%
Data masking or 
anonymization techniques

470+530=

53%
Secure cloud services with 
compliance certifications

530+470=
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Qlik transforms complex data landscapes into actionable insights, driving strategic business outcomes. Serving 
over 40,000 global customers, our portfolio leverages advanced, enterprise-grade AI/ML and pervasive data quality. 
We excel in data integration and governance, offering comprehensive solutions that work with diverse data sources. 
Intuitive and real-time analytics from Qlik uncover hidden patterns, empowering teams to address complex challenges 
and seize new opportunities. Our AI/ML tools, both practical and scalable, lead to better decisions, faster. As strategic 
partners, our platform-agnostic technology and expertise make our customers more competitive.

About Qlik®

LEARN MORE

https://www.qlik.com/us/products/qlik-talend-cloud
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RESEARCH METHODOLOGY AND DEMOGRAPHICS 

To gather data for this report, Enterprise Strategy Group conducted a comprehensive online survey of IT professionals from private- and public-sector organizations in North 
America (United States and Canada) between November 6, 2024 and November 17, 2024. To qualify for this survey, respondents were required to be involved with the data 
governance and AI technologies, processes, and programs used to manage their organization’s data. All respondents were provided an incentive to complete the survey in the 
form of cash awards and/or cash equivalents. 

After filtering out unqualified respondents, removing duplicate responses, and screening the remaining completed responses (on a number of criteria) for data integrity, we were 
left with a final total sample of 385 IT and data professionals.

Respondents’ organizations by number of employees. Respondents’ organizations by years in operation. Respondents’ organizations by industry.

500 to 999, 20%

1,000 to 2,499, 
31%

2,500 to 4,999, 
24%

5,000 to 9,999, 
14%

10,000 to 19,999, 
6%

20,000 or more, 
4% Less than 5 years, 

1%

5 to 10 years, 
27%

11 to 20 years, 
39%

21 to 50 years, 
24%

More than 50 
years , 9% Manufacturing, 

24%

Financial, 22%

Retail/wholesale, 
11%

Technology, 10%

Construction/ 
engineering, 8%

Healthcare, 7%

Business services, 
5%

Other, 13%
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